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ABSTRACT

Nowadays, glasses shop for eyesight is in high competition status, no matter in the form
of normal retailers which contain several brands and patterns of model within I one shop. The key
factor of glasses shop for eyesight is to manage the cost of the products, thus make it necessary to
deal with the weak point of this business model and increase the potential strength in order to
complete with other competitors. This IS study's objective is to predict the order from one glasses
shop called "Rak Wan" shop and find the solution of being slow stock turnover of "Rak Wan"
glasses shop. Having datas collection by Nov 2015 to Nov 2016 and from the collected datas,
analyze the ratios of moving stock and other ratios to find the appropriate tools to predict and
calculate the most likely method of analysis. As a result, the prediction of components is most likely
method than the others, Rayban have lowest MAD, MSE and MAPE rate by equal to 1.34,2.34
and 52.63. However, the other brand like LEVI'S equal to 2.15, 6.20, and 33.70. The other brand
like Frank Custom equal to 4.40, 27.47, and 25.85.

To predict by using components methods not only the most appropriate and good to predict
the total in sale, but also make the business owner be able to manage the stock in the warehouse,

and also including other retailers shop as well

KEY WORDS : , the prediction of components is most likely method, analyse the ratios
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ﬂ1§1\1‘ﬁ 3 "l?ljﬁluuﬁﬂ@ﬂﬂﬂﬂuﬁgﬁﬁl‘lﬂWﬂiﬂiﬂJﬂ\i“ﬁ\i 6 3% Lé“rgi}@ Frank Custom
i@ou/ | voa AmeInsal
1l V1Y | Moving | Weighted Simple Simple Naive | Decomposition
DER averages | Moving | exponential | Regression | Methods Method
Average | smoothing Analysis
U.n.58 | 18 - - 18.67 16.58 - 15.38
W 58 | 21 - - 18.47 16.76 18 19.83
U.n.58 | 13 - - 19.23 16.94 21 14.65
N.8.58 | 15 17.33 16.50 17.36 17.12 13 15.95
nA.58 | 14 16.33 15.67 16.65 17.30 15 16.23
N.8.58 | 25 14.00 14.08 15.86 17.49 14 20.91
nea.58 | 11 18.00 18.67 18.60 17.67 25 15.43
a.n.58 | 12 16.67 16.50 16.32 17.85 11 16.78
Nn.6.58 | 24 16.00 15.38 15.02 18.03 12 17.07
fA.M.58 | 32 15.67 16.21 17.72 18.21 24 21.98
W.y.58 | 18 22.67 23.41 22.00 18.39 32 16.21
5.1.58 | 26 24.67 24.47 20.80 18.58 18 17.62
H.A.59 | 12 25.33 25.15 22.36 18.76 26 17.91
nNn.59 | 14 18.67 18.50 19.25 18.94 12 23.05




i@ou/ | voa AmeInTal
1l V1Y | Moving | Weighted Simple Simple Naive | Decomposition
934 averages | Moving | exponential | Regression | Methods Method
Average smoothing Analysis
.59 | 21 17.33 17.03 17.68 19.12 14 16.99
1.8.59 | 11 15.67 15.88 18.67 19.30 21 18.46
WA 59| 18 15.33 15.27 16.37 19.48 11 18.75
4.8.59 | 15 16.67 16.60 16.86 19.67 18 24.12
N.A.59 | 13 14.67 14.75 16.30 19.85 15 17.77
a.n.59 | 21 15.33 15.24 15.31 20.03 13 19.30
n.8.59 | 18 16.33 16.44 17.02 20.21 21 19.59
fA.M.59 | 28 17.33 17.42 17.31 20.39 18 25.19
.59 | 21 22.33 22.44 20.52 20.57 28 18.55
5.1.59 | 27 22.33 22.38 20.66 20.76 21 20.13

MnAuRasveIANuleuuuaNysal (MAD) AURAIANARIANADUENAIAIADY

' { g2 o 4 o @ ! o X
(MSE) uazannasgilofiduannuaaiamaouduyssl (MAPE) Tugianandeinuddinans

a 4 = 1 A 1 1 P 9 ax 1
WATIEHUTIUNIVAINIINARIAAADU WU ﬂW‘IEﬂﬂiﬂ!‘Vlulﬂﬂ?ﬂﬁ‘ﬁllﬂﬂﬁﬁuﬂizﬂﬂﬂ

(Decomposition Method) 1981 MAD , MSE 11ag MAPE ﬁ?ﬁﬂ Ao Rayban NN 1.34, 2.34,

52.63% WALLEVI’S 11101 2.15, 6.20, 33.70%L18% Frank Custom (N0 4.40, 27.474a2 25.85%

o v J C4 a ! ..
ArNaay Llﬁﬂﬁ’ﬂsﬁji’)y’flfJ@ﬂ"lJ”IfJii!ﬂWinﬂﬂimﬁ}’Jﬂ’J%!LEJﬂ’d’Ju‘]JiZﬂi’JU (Decomposition

Method) (M AUNTA

d' = 1 d' d' 4 1 d‘ d‘ o w
MINN 4 fﬂi!f}ﬁfJ‘lJL‘VIfJ‘]Jﬂ”ImﬁfJﬂ’ﬂmﬂfJ\imuﬁiJﬂuim (MAD) ARagnNuAIANanlN1aN

A s 2 & A o 7 ¢ Y an
93 (MSE) L!ﬁ%ﬂuﬂﬁEJL’]J?]'B'l“ﬂuﬂﬂ31Nﬂﬁ1@LﬂaﬂuﬁN1§l‘iﬂ! (MAPE) 910MTNYINTUNY 6 95

Aue Fwensal MAD MSE MAPE
Rayban Moving averages 1.38 2.76 68.02%
Weighted Moving Average 1.43 2.99 69.83%

Simple exponential smoothing 1.46 3.33 64.23%

Simple Regression Analysis 1.32 2.51 58.54%

Naive Methods 2.17 6.42 86.56%

Decomposition Method 1.34 2.34 52.63%




LEVI’S Moving averages 2.22 8.06 39.35%
Weighted Moving Average 2.28 8.34 40.30%

Simple exponential smoothing 2.56 8.96 43.43%

Simple Regression Analysis 2.24 6.91 38.39%

Naive Methods 3.75 16.67 59.72%

Decomposition Method 2.15 6.20 33.70%

Frank Moving averages 4.75 40.69 26.47%
Custom Weighted Moving Average 4.76 40.64 26.51%
Simple exponential smoothing 5.23 39.82 29.88%

Simple Regression Analysis 4.79 32.64 27.98%

Naive Methods 7.08 67.25 41.04%

Decomposition Method 4.40 27.47 25.85%

o 9 Ay v 4 =t o a A A o
ﬂTﬂTiﬁi?%ﬁﬂUﬂli’)iﬂlﬁﬂHlﬂ%'lﬂﬂ'l3Wfﬂﬂiil!L‘Lr%fJ‘UWIfJiJﬂ’UfJ’E)ﬂﬂHfJﬁ]iQLW@Wﬁ]'Iiil!'lﬂﬂ

v 9
goAFTIHDNUNALUANA1INUDET |5

~ = o L ¢
MINN S llr%fJ‘]JWIEJTJﬂ@ﬂ‘ll']f]ﬂ@ﬂWfJ'lﬂﬁmlm386@@'\‘]"3@

HWIUN voadaaoman/l goRAINAD/i) gaANINTalAl

Rayban 60 41 42

LEVI’S 115 87 88
Frank Custom 225 224 224

4 ] ] % g’/ ~ 4 a
INATIY S UAAIBOAUIYLUAZIDANIINTAL MULANAINAUNY 3 WD oW1
= v Q'I dal 1 0'.1 dy N = ] Y
nFeuneunugeadIdeNLI MIFIEDVDY Rayban Az LEVI'S H1/51Na1gan31A0ADIN15

szanadosas 30 azdooay 45 mudiay

a U
5.a3Unan33de
= =1 a C4 £y o ag Yy v .

ﬂ"liﬂﬂ}lH‘Lﬁfl‘]_lL‘VIfJ°1JL‘I/Iﬂl!ﬂﬂ"li‘i/‘lfﬂﬂiﬂlﬂ'ﬂll@'l@\iﬂ"li ATUIU 61T “lﬂll,ﬂ Simple
Moving Average, Weighted Moving Average, Simple Exponential Smoothing, Simple Regression
Analysis, Naive Methods 1181¢ Decomposition Method Tﬂﬂsmim%’agaaamwu’jum 3491

9

11 AN Rayban, Levi’s 4@ Frank Custom AUAIAOUNATIAY W.A. 2558 IUD 1A U

FUMAY W.A. 2559 52U 24 1ADU WIHANITNINTAUANVADINTUULToUReV T WU A



10

WeInIaIN 18013 51enaI111/52n0Y (Decomposition Method)11A1 MAD, MSE t1ag MAPE
V04 Rayban 117U 1.34, 2.34, 52.63%, LEVI'S (1101 2.15, 6.20, 33.70% 14 Frank Custom

NN 4.40, 27.47 1AL 25.85% AMUAIA FeTmAnunaIamaouTiosnga

6. 991l 1eMa

t4 9 1 ~ R 9 @ ' Y am U
ATTNYINTUAITINUADINITUIUAT ATUADY: JTUITNUIU AEISHENaINYsTNOU

v o

4 Y a 1 4
(Decomposition Method) TdHagWsnMsne1nsain1ndiAeanuesav1e93auInNINITNEINT I
p

v v d v a

jUnuvon Fedeandoeny Fada dnadiliv uaz syl 2gas (2546) AnbINITIANS

adsdusduigaud imiugaa mnssu@ane wudl Amensainlavinisuen

v

v Y 1
dauilsznoulia1 MAD , MSE taz MAPE éga ua@aai3snmsneInsalil tmangauiganuy
v k4 1
doyalTnumsdsgevesnsaidnm nazaunsniiunlyldes anemsaamldield

1 I A o A a da! 4 a 4 =\ o
@fﬂ\‘luliﬂﬁ']ll Lil@1!']ﬂﬂﬂﬂﬂﬂ‘l’llﬂﬂﬂlulmZN'@ﬂ']iWfﬂfﬂiﬂ!ﬂ??!ﬂi?%ﬁlﬂ%ﬂﬂl‘ﬂﬂ‘ﬂﬂﬂ
9

¢ a R ' o A = =
ﬂ?mmmsawe“luem ﬁNW‘Uﬂﬂﬁﬁﬁ“D’ﬂiuﬂﬂ@] Tﬂﬂmwwz Rayban ttag LEVI’S Mlﬁﬂ?iuﬂ”ﬁ
Y

) a 9

k4
digouininunudesnisuesgna dewalilsuadudinendegeda 747,500 v1n vseda

< YA v R I

9 9
L‘]Ju%lﬂﬂﬁz 58 ﬂlﬂﬂyﬁﬂ']‘l]@ﬁﬁ'l!f’%}']ﬂ\iﬂﬁ\iﬂﬂﬁuﬂ muumaﬂmmum%’mﬁmnumsammu

QU

a BIA:;

o 4 4 X ' Y] = A 9 Ay 14
ﬂﬁﬂﬂaq‘ﬂ'ﬁﬂ’]ﬁﬁ\?“ﬁﬂllauﬂq llagllujcﬂ']\‘]ﬂ']ﬁllﬂulallﬁuﬂWﬂuﬂqﬁlﬂaﬂuul‘ﬁ')sﬁ“lazwthllﬂ’]ﬁ

AU vao 1l

=)

%
7. 318N19913904
4 = a ¢ a vy a
AUNNIYIU Yawian. (2557). “fniﬂﬂ‘HH‘ﬂﬂuﬂﬂ1§Wﬂ1ﬂ§mﬂﬁ)ﬂ“lﬂﬂﬁuﬂ1qﬂiﬂﬂﬂ
IMINZ ANV IV HNONFUNHINIL” NIAITIFINITUIHITFING RUTVN 1: 12-21.

an

4 a (v J - I Y o J
N3l A39A3. (2555). MIN@szUUNEINIMERAd TR HA Taalddnuuwensal
v v AR A v (% Jd < 54 o_w
auMINADRYRENI 118 NIUANILIENgUAMN 1FUa3InTL e, ngaunwe :
a Y = 9 A
w1 Ineaema uTagnszaound mssunsIyio
° o o < v A ; ¢
e endnyal ING. (2551). MIvenUUUIZULTIKasMsiagulaemsnensal
dJ v
FBinannudesmsaumnszaisnsnn nsaiFne uEmlugaayinssy
J a [ = 9 A
pIzAEATINN. ngannd : unInendema lulagwszaeundmszuasimile
o =R a o = 3’1 9y A a 9 d'
AN BA An. (2547). “FTPenueFraremdu wavindesvenen-iawunull. duile 12
ANAN 2560 91N http://www.dmh.go.th/sty libnews/news/view.asp?id=313

v Aa J v A J d
AINTUNT NAUNULDS ﬂi%ﬂﬁ/ﬁﬁm INHIINGA. (2555). miwmnimﬂ%mmmmﬁmmﬁ

a y_ A a v o = a v 1y (A a
aUANNDAIVANTUAININAI NIUANH fléiﬂ‘i]ﬂ"lﬁﬂ-ﬂ"l‘ﬂﬁﬂ, ﬂTﬁ‘]JiZG]qﬁJ’J“]ﬂﬂ1i



11

PPNUIAINTINYAANT, Usz91)) WA, 2555 17-19 @a1AY 2555, INFTYT -
a o 14
UHINGIAUNHATANTAT
v o o a @ d y [ () v
pSal oanatiaay s 1963, (2546). MINENNTANNIMIIAM S TaQAINAY
IS < a [ =
NIAANEISINUNITZANLIUNEA. NFAUNWA : U1 INeIEoNA T Tadnszaou
Y A
NANISUATINND
= da A d Q:I t‘ﬂ” d’ d‘ |
NINIY NAANA. (2551). ManenpsamazmsmfSainamsdsrentimnzas il umama
Y : [ 4 Z 4 d
Tumsdafves lnaduaesnanveunsesguinisznnusundaaniigud
R a Y = 9
N3QUANYY The Pumps Co., Ltd. N3UNW : UH1INGIG0mNA 11 Tadwszaouna,
A
NIZUATINUD
Y] ) Jd o ~ U d‘d 1l v a Y a
usEiun yszudina. (2558). aaudszanmamsamaninanemsaagulovesduilan
Tunmsliuimsiumuanlumanz Tuanvesszmalng. njamwa :
YMInadsunaaauneia
a 4 [ v v A 4 o (% Q'
@AY WA, (2556). MIFAMINAITUMRNTIHINZANTHSVIAAIHNIINTING.
NFAUNW : WM INedeAalng
a a a d a o g’/ { o w A 4
101 Hgadna. (2558). MININIUNIIVIEY. NUWATIN 7. NFUNNUNIUAT: A1NHUN
YMMINSBINYATINaNS.
o A v o 3 4
Nau wInAs. (2558). msdSulzamsnamumsdarelufSinamimanzaumazms
(Y] (Y] a [ \ AR a v a QW 1 Jd =
Iamsingavnnadulygumu nsaifine USHNNANTUAIUENUUA Fa 1T
UNINGABYIW
, .
1199917 WUAIY, (2550). MSANHINSWENNITAVLOYNINIIAT (Time Series) INONITINY
HAUMSHAANIAIANY UIEN toa Tgaannssanseusou 910A. NFIUNNE :
a [ = kY =}
HINeaema lu Tagnsz0naInszuaAsIHio
a o v Q‘ a A v tg A LY a
ATNA FUAUUN. (2554). MINNY3zANEMNUMITABINBNMIHVITUMIFIND
R v < dJ a @ Y
NIAUANENZ U 18U 10@ 1S, NTUNNY : UMIMIBoHDNMIA INE
o o 14 a d 4 (Y a 4 g}/ {
89031 FUNTRIL. (2557). IMARAMINENNIAUNOMIIAMS. AUHATIN 1.
AFUNNNIUAT: duinfiuWiigmasnsalumInede.
Armstrong, Scott, J. (1983) “Strategic Planning and Forecasting Fundamentals” in Kenneth
Albert (ed.), The Strategic Management Handbook. New York: McGraw Hill, 1983,
pp. 1-32. (Online) Retrieved March 10th, 2014 from

http://repository.upenn.edu/cgi/viewcontent.cgi?article=1132&context=marketing_papers



12

Beasley, J E. and R. Johnson (1984) “Forecasting Environmental Protection Legislation
Using Cross-Impact Analysis,” Long Range Planning, 17 No. 6 (December), 132-138
Chopra and Meindl. (2007).Supply Chain Management. Logistics Strategies to tacelllitatslong

Distance Just in Time Supply Chain System



