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This smudy disvusses the aporopriate number of nsurons in hidden layer for person authentication

that uses delta braimwave signals. The principle of the neural network (supervised neursl network), number
of menrons in the hidden layer is cne Tnpertant factor to make Jearning more effective. The purpose of this
study was to study the number of neurens in the hidden layes. In this study, 1000 data points aof EEG swnal
in erowyp of four channels, F4, P4, C4, and O2 are explored, The practical technicue, Independent Cormponent
Analysis (124) by SOBIRC skgorithm s considered dlean and separates the individuel signals from noise
using the technique of supervisad neural network for identifying 30 subjeats. The number of neurons in the
hidden layer 1-30 neural to tast the aceusacy of identifying information will be classified 20-30 subjscta wo

find the appropriate number of neurnns in the hidden lsyer in each group.

Keywords ; Number of Neurons in Hidden Layer, Electroencephalogram, Biometric, Authentication,
Independsnt component analysis, Neural network
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